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Voluntary Asset Write-Downs of SFAS 121 

Early Adopters vis-à-vis Late Adopters
Abstract

Previous research shows that stock market positively values the firms whose motivation is to gain production efficiency through streamlining their assets as part of restructuring campaign.  In this study, we examine 47 firms that voluntarily disclosed asset write-down information in either 10-K or ARS   one year prior to the mandatory adoption of SFAS. No. 121.

We document the following empirical evidence: firstly, EARLY firms (those who adopted SFAS121 in 1995, one year prior to the mandatory adoption), pursuing production efficiency through restructuring efforts, experience more positive market reaction than LATE (those who adopted SFAS 121 in 1996) firms at the disclosure of assets write-down decisions, consistent with efficiency enhancement arguments.  This evidence is robust to the selection of an alternative control group, matched in term of asset size and industry classification codes.   Secondly, EARLY firms incur more capital expenditures, acquire less intangible, and exhibit lower asset turnover ratio and shorter asset age than LATE firms.  Finally, EARLY firms show higher profitability, and have higher effective tax-bracket than those of LATE firms when they made voluntary decision of asset write-down. Previous studies that have examined the issue of asset write-down cross-sectionally aggregate the sample firms, and thus fail to recognize the different motivation of different firms. In this paper, we enhance our analysis by employing a voluntary disclosure sample, a control sample which made their asset write-down disclosures in the first fiscal year of mandatory adoption, and another control sample (MATCHED CONTROL), which did not make any asset write-down disclosures in either the voluntary year (1995) or the mandatory year (1996).  We hope that this paper sheds light on the determinants that motivate firms to voluntarily disclose the asset write-down information in their 10-K reports or annual reports to shareholders one year prior to the mandatory adoption of SFAS. No. 121.
Keywords:  Asset Write-Down, Early Adopters, Late Adopters, Efficiency Enhancement

Data Availability: The data used in this study are publicly available from the sources identified in                              the text.

Voluntary Asset Write-Downs of SFAS 121 

Early Adopters vis-à-vis Late Adopters
I.   Introduction

Given the latitude with which manager exercise in determining the extent and timing of the asset write-down, it is reasonable to expect that researchers observe empirical regularities in managers’ asset write-downs.  There is mixed anecdotal evidence on the effect of the asset write-down.  A group of firms reports positive price reaction to the asset write-down (IBM, Phillip Morris, Xerox, Upjohn), while other firms experience a decline in stock price immediately after the asset write-down (GTE, Kmart, Borden and Food Lion) (Kieso & Weygandt, 9th edition, p. 145).  The body of prior literature failed to recognize the different motivation by different managers by cross-sectionally aggregating the sample firms.   The market is expected to react positively to firms with lower asset turnover ratio streamlining their assets.
  Asset write-down in this case will be viewed as part of efficiency enhancement consideration.  


If well-performing firms involve in a discretionary asset write-down, the market will notice the managers’ opportunistic behavior and react negatively to these non-value maximizing activities. (Zucca and Campbell, 1992, pp 30-41).  SFAS No. 121, “Accounting for the Impairment of Long-Lived Assets and for Long-Lived Assets to Be Disposed of,” (hereinafter SFAS 121) poses an unique dilemma to managers in dealing with their asset impairment problems. Although they retain their discretion over the extent to which the assets are impaired under SFAS 121, they now have only limited discretion as to the timing of the asset write-down.  Since the mandatory adoption of SFAS 121 began with the fiscal year ending 1996, they have a   timing choice of either 1995 or 1996 to write down assets and recognize their impairments.  Therefore, the time is running out for them to differentiate themselves from the rest of the firms if they desire to demonstrate that they engage in an efficiency enhancement activity.
In this paper, we first investigate the market effects of asset write-down by EARLY(those who adopt in 1995) versus LATE (1996 adopters) firms of SFAS 121 on asset impairments.  Second, we attempt to explain why a group of firms elects early adoption of SFAS 121.  There is a stream of literature that is somewhat related to our work. These articles study the association between prices and write-downs of capital asset book values (i.e., recognizing the partial impairment of assets that have not been retired). The results are mixed. Elliot and Shaw (1988) demonstrate an unfavorable market reaction to write-downs; Strong and Meyers (1987) show positive price reactions; and Francis et al. (1996) find mixed reaction.  Specifically, Francis et al. (1996) document that investors respond negatively to impairment-motivated asset write-downs but positively to restructuring-motivated write-downs.   Based on the findings of Francis et al. (1996), we view these restructuring-motivated asset write-downs as an efficiency enhancement consideration by early adopters.
  More recently, Loh and Tan (2002) 
 report that CEO turnover and macro-economic variables are major determinants of asset write-off decision. Along the same line, Nam and Ronen (2005) suggest that the market actively monitors a migrating CEO’s write-off decision in reckoning the prospects of the destination firm.  

The empirical evidence is consistent with our predictions.  We find that EARLY firms, pursuing productivity efficiency through restructuring efforts, generate more   positive market reaction than the LATE firms at the disclosure of asset write-down.  In addition, EARLY firms exhibit higher tax bracket during the period surrounding the event year than LATE firms.   The higher effective tax rate for EARLY firms implies that their asset write-down decisions could be partly motivated by the tax consideration; they try to use the asset write-down as a vehicle to reduce the tax burden.   Finally, EARLY firms’ asset write-downs are characterized by more capital expenditures, less intangibles, and lower asset turnover ratio and asset age in comparison with LATE firms. 

The rest of the paper proceeds as follows.  The second section develops hypotheses formulation.  The section three describes the sample selection criteria and test methodology.   Section four contains the empirical evidence of the paper.   Summary and conclusions appear in the final section.

II.   Hypotheses Development

There would be little argument that the write-down of capital assets has implications for the future cash flows of   the firm.  If it were expected, then current stock prices would reflect its effect. If the write-down of capital assets were not anticipated (as we believe is the case with SFAS 121 asset write-down), then prices would react to this new information.  A write-down sends a signal that firms’ fixed assets have failed to deliver the performance that was anticipated.  A negative association with excess returns suggests that write-down of fixed assets cause the market to revise and lower its expectations about the future productivity of the capital assets. Alternatively, the write-down of used assets could be resulted from the rapid changes in technological innovation. With the current pace of changes in new economy it would be hard for them to predict, even in a near-term basis, the timing of the technological innovation. Therefore, firms would write down their assets, not because they necessarily made a poor decision on their asset purchase in the past, but the rapid changes in production environment left them no choice but to write down old assets. 

The early forced retirement of capital assets, however, expect to signal bad news to the market.  The basis for this presumption rests on the empirical findings by earlier papers that capital expenditures are good news to the market (Lev and Thiagaranjan, 1993, Kerstein and Kim, 1995, among others).  Given this, if a firm has retired a capital asset before its expected useful life is over, it most likely will be considered a signal of failure unless they have legitimate reasons to do so.  Since the market had valued the initial investment favorably, it is unlikely that investors were factoring an early retirement of capital assets into their initial calculations. Therefore, there must be a correction to the initial positive reaction.

But there are other prior arguments that imply a positive association with excess returns. A positive association would result if the market perceives the write-down of fixed assets as actions that are necessary to achieve a more productive path in the long run. This would be consistent with John and Ofek (1995) who argue that the market reacts positively to the removal of assets that cause negative synergies.
  The market would also welcome firms’ action of removing assets which managers believe face obsolescence. 

            When it comes to voluntary asset write-down, as is the case for EARLY firm, however, this action is more likely to be viewed as management's effort to restructure the organization in order to keep up the pace with technological innovations.  To survive the technology-driven competitive environment, EARLY firms (voluntary disclosure firms) may take a proactive measure in order to enhance their production efficiency by writing off the old, under-performing assets before their maturity.  Instead of carrying the under-performing assets in their balance sheets, which makes their financial statements and ratios look bad, managers have incentive to replace them with new assets. This would enable them to make investments in cutting-edge technology assets.  

Formally stated;

H1:  EARLY firms generate more positive market reaction than LATE firms at the disclosure of asset write-down.

These voluntary disclosure firms are also likely to be less efficient in utilizing the existing assets. Since SFAS 121 provides these firms with a legitimate excuse to write down under-performing assets, they can strategically time the adoption of SFAS 121 to their advantage. Therefore, EARLY firms expect to show lower asset turnover rate than LATE firms.   Also, a Wall Street Journal article indicates that information technologies are powering U.S. economic growth ( accounting in recent years for only about 4% of production but for one-third of growth.  The demand for tech products is ever-increasing in this new economy, and thus the firms with old, inefficient assets are likely to be the ones who expect to voluntarily write down these assets and replace them with new tech products.   EARLY firms, facing the imminent task of restructuring their aging assets, are likely to implement their restructuring efforts by leasing the-state-of-art assets, instead of purchasing them.  Therefore, EARLY firms also expect to have greater expenditures for capital leases than for LATE firms. 

Assuming the primary motivation of restructuring is to enhance the production efficiency,  EARLY firms  expect to invest more in the plant assets than  in intangibles.  Since none of our EARLY firms belongs to the high-tech sector, based on the classification of Francis and Schipper (1999), they are primarily consumers of high-tech products rather than producers of such cutting-edge products.
  Accordingly, we expect that EARLY firms spend less on R&D and other intangible acquisitions than LATE firms. Since assets with longer maturity could hinder a firm from handily carrying out the restructuring task more than those with shorter maturity if these assets are unproductive, we expect longer asset age for EARLY firms than for LATE firms. As discussed above, however, EARLY firms with fewer intangible assets than LATE firms,  expect to show  shorter asset age than for LATE firms as the intangible assets generally have longer useful lives.

Formally stated;

 H2:  EARLY firms incur more capital expenditures, acquire less intangibles, and 

              exhibit lower asset turnover rate and shorter asset age than LATE firms.


 If firms have high net income, they have incentive to write off under-performing assets now, rather than waiting for the mandatory adoption of SFAS 121. This behavior is somewhat consistent with the big bath argument in that firms hedge future earnings against probable future losses due to asset write-downs.  Similarly, if EARLY firms are in a high tax-bracket the asset write-down could be used as a vehicle to reduce the tax burden.   If EARLY firms’ asset write-down decisions are partly motivated by the existence of sufficient operating cash resources to carry out the restructuring task, we should observe a significant, positive correlation between cash flow from operations and asset write-down of EARLY firms.  On the other hand, if EARLY firms belong to a higher tax-bracket, but generate insufficient operating cash for the restructuring efforts, then they expect to be compelled to reduce tax burden through asset write-downs.  If this is the case, we expect a negative relation between cash flow from operations and early asset write-down.  Therefore, the direction of the operating cash flows in relation to asset write-down decisions is hard to predict, and thus precluded in the third hypothesis.

H3:  EARLY firms expect to exhibit higher correlations between asset write-down and both of operating cash flow and tax-bracket than LATE firms.
III.   RESEARCH DESIGN

1. Sample Selection Criteria

Firms that made voluntary disclosures with respect to SFAS 121 a year before the effective fiscal year of 1996 are drawn from Compact Disclosure.  As described in panel A of Table 1, firms must have financial data in COMPUSTAT99 file for the event and previous years and return data in CRSP99 file during the estimation and test period (161 day returns including the 140 day-estimation period and the 3 day ( event period returns.  For the final sample of 47 firms, we searched SEC's EDGAR data base for available 10-K and ARS (Annual Report to Shareholders) filing dates. For 10-K dates, 9 out of 47 firms do not have dates, for which we asked Disclosure Inc. to manually collect the dates for those firms.  Since ARS dates are not available from SEC's EDGAR database, we collected them through the help of Disclosure Inc.    Two control samples are selected:  (i) LATE firms that made disclosures of asset write-down in the mandatory adoption year (1996), but did not make any disclosures in the previous year (the event year: 1995), and  (ii) firms in another control sample  (MATCH) that are matched with our experimental sample firms in terms of total asset (size) and 4-digit SIC code.  Again, Disclosure Inc. collected all ARS dates for both the LATE and MATCH firms and 10-K dates for one third of MATCH firms.  To better detect the disclosure effect of asset write-down, we choose either the10-K or the ARS date, whichever is earlier, as the event date.

Panel B of Table 1 shows diversity of the industry composition of both the experimental and control sample.  Most of the industries are represented in our experimental sample relatively proportionately, with the exception of the oil and gas extraction industry, which accounts for almost 23.4 % of our sample firms.  The second largest industry membership comes from petroleum and coal products industry (12.8%).   LATE firms are also represented by various industries, at least as evenly as EARLY firms.  The two most conspicuous industries belonging to  LATE firms are eating and drinking places (15.2 %), and electric, gas, and sanitary (12.1%) industries, respectively.

[Insert Table 1]

2. Test Methodology for Stock Market Reaction

Following Patell's  (1976) test procedures, standardized prediction error (SPE) is computed using the market model of Sharpe (1964) and Lintner (1965) as follows:

During the estimation period,

        Ri( = (i +  (i * Rm( + ei(                                                                                                     (1)

where:  Ri( = return on security i at time (,

             Rm( = return on market portfolio at time ( (CRSP value-weighted index).

            (i  = E(Ri() - (i * E(Rm(),

            (i  = Cov(Ri(,Rm()/Var(Rm() 

            ei( = error term

            i = 1,....., N, firm index, and

            ( = 1,....., T, time index.

During the three-day event period,

        uit = Rit - (ai + bi * Rmt);         t (day)=  -1, 0, +1                                                                 (2)

        where, uit = the abnormal stock return during the event period for stock i at day t in 

                            which  day [0] is the 10-K date or ARS date, whichever is earlier.


The CRSP daily return tape is used to obtain the ordinary least squares (OLS) estimates of market model parameters (ai,bi )  estimation period extends from day [-150] to day [-10] (i.e., 140 daily returns).  Consistent with Patell (1976), standardized prediction error (SPE) is defined as follows:

                               SPEit = [uit]/[Cit1/2 Si]         (   t (T-2)                                                         (3)

where                                     
          

        Cit = 1 + 1/T + [(Rmt -  
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Normalized Cumulative Prediction Error (NCPE) is, thus, computed as:

     NCPEiL =  
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  ( [uit]/[L1/2 Cit1/2 Si]         (   t (T-2)                                                           (4)                   Si is the standard deviation of the market model's residuals during the estimation period, Cit measures the increase in variance due to prediction outside the estimation period, and T is the number of  stock  returns in the estimation period.  The number of days in the accumulation are denoted by L.


Z-statistic, a normalized sum, for the NCPE can be established based on equation (4):

          ZNCPE = 
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3. Regression Analysis

The following regression model is adopted in order to examine the relationship between three-day cumulative abnormal returns (CAR3) and the amount of asset write-down (WDMV) for the event year of 1995.        

Model:  CAR3 = (0 + (1 NIMV + (2 CHNI + (3 CFOMV + (4  CHCFO + (5 WDMV           (6)

            
        + (6 BTM + (7 LSIZE + e

The factors that may affect the relationship and thus are considered in this analysis are NIMV, CHNI, CFOMV, BTM and LSIZE.  The summary statistics and definitions for the variables are given in Table 2.  Raw variables are all deflated by market value of equity at year t-1 in order to reduce possible heteroskedasticity problems.  The mean two-day (three-day) CAR values for EARLY firms are 0.011 (0.020), which far exceed 0.002 (-0.006) for LATE firms, and  -0.002 (-0.002) for matched control firms confirming our first hypothesis of positive market returns at the time of asset write-down decisions.  Furthermore, the mean (median) of the amount of asset write-down for EARLY firms is 19.4 % (3.9 %) as a percentage of market value at year t-1 that also exceeds 9.8 % (3.4 %) for LATE firms.

The model (6) includes the level and the change of net income since these variables are known to be informative for pricing. The model also includes cash flow level and change to control for the potential impact of cash flow on write-down of assets. BTM and LSIZE control for the growth and size effect, respectively.  The higher the value of BTM, the more stagnant a firm will be. The size variable is to control for the difference in firms’ predisclosure information environment.

[Insert Table 2]

4. Logit Analysis

Logit analysis is adopted to examine factors that affect the motivation of asset write-downs.  We estimate a logit model as follows:

Log
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Where #s in bracket represent Compustat item numbers;

WDDUM :
1 if a firm belongs to EARLY firms and 0 if the firm belongs to LATE firms.  

ROA :

NI / {(ASSETt + ASSETt-1) / 2}( #6); 

CFOMV:
Net Cash Flow from Operating Activities (# 308) divided by MV at year t-1; 

RNDA:
R&D Expenses (# 46) divided by total assets; 

PPEA :

Property, plant, and equipment (#7) divided by total assets; 

PPECA:
PPEC divided by total asset at year t, where PPEC (Property, plant, and equipment - capital expenditures, #30) includes expenditures for capital leases, increase in funds for construction, increase in leaseback transactions, and reclassification of inventory to property, plant, and equipment;  

INTA:

Intangible Assets ( # 33) divided by total assets; 

DTA :

(ASSET - CE)  / ASSET; 

BTM :

Book to Market ratio, Common Equity (#60) divided by MV at year t; 

LSIZE:

Natural logarithm of MV at year t; 

ASTTO:
Asset turnover ratio (net sales/average total assets); 

ETR:

Effective tax rate (tax expense (#16)/pretax income(#170));  

LABOR:
Labor force (net sales/number of employees [#29]); and 

ASTAGE:
Asset age (cost of property, plant, and equipment and intangible assets/depreciation & amortization expenses (#14)).


If firms have high net income, they have an incentive to write off under-performing assets earlier than the required disclosure year under SFAS 121. This behavior is somewhat consistent with the big bath arguments in that they hedge future earnings against probable future losses due to asset write-downs. The expected sign of ROA in the logit model is positive when we use ROA ratio before asset write-down.  The operating cash flow variable (CFOMV), deflated by the current market value of equity, is expected to be positive if EARLY firms’ write-down decision is based partly on the existence of sufficient operating cash resources to carry out the task of replacing old, unproductive assets with new, cutting edge tech-assets.  On the other hand, if EARLY firms belong to a higher tax bracket, but generate insufficient operating cash resources for the restructuring mission, then they expect to be compelled to reduce tax burden through asset write-downs.  If this is the case, we expect to observe a negative relation between cash flow from operations and asset write-down of EARLY firms. Therefore, the direction of the operating cash flows in relation to asset write-down decisions is hard to predict.

Francis and Schipper (1999) indicate that market-to-book ratio and R&D spending as a percentage of total assets are popular proxies for the unrecorded intangible assets.   Since the enhancement of production efficiency has more to do with the plant assets than intangible assets, at least on a short-term basis, R&D expenses (RNDA) and intangibles (INTA), both deflated by total assets, are expected to be negatively associated with the EARLY firms’ asset write-down decisions.  Plant assets (PPEA), deflated by total assets, have more positive association with such write-down decisions because they are more directly related to firms’ production activities.  The more plant assets they have, the more likely firms write down those assets.

Another variable that significantly affect the asset write-down decision is the level of capital spending.  One of the most cited advantages of leasing vis-a-vis purchasing is the protection against obsolescence.  Leasing information technology equipment would reduce risk of obsolescence and increase future prospects of productivity gains with the judicious use of such state-of-the-art equipment without requiring substantial up-front cash outlay by lessee (EARLY firms).  The proactive behavior of the EARLY firms, reducing unproductive assets with simultaneous increase in investments is consistent with the second hypothesis that EARLY firms experience more positive price reactions   to asset write-down than for LATE firms. The variable ( PPEC ( includes expenditures for capital lease, and thus expects to be higher in EARLY firms than in LATE firms.  An asset write-down, coupled with the investment in capital spending programs, could happen in concurrence with borrowing more debt.  Therefore, we expect the debt to asset ratio (DTA) to be positively associated with EARLY firms’ asset write-down decisions.

Since we hypothesize that EARLY firms have been stagnant up to the event year, they were under pressure to take a step such as voluntary asset write-down in order to prevent production efficiency of the firms from further deteriorating.  Therefore, the expected sign of BTM is also positive.  LSIZE is included in the logit model to control for the size-related effects on write-down.  We expect that EARLY firms have lower asset turnover ratio (ASTTO) than  LATE firms because they experience inefficiency in using assets to generate sales.  They write down under-performing assets early and invest in up-to-date assets as part of restructuring processes, to enhance the production efficiency.

We include the effective tax rate (ETR) to see if firm’s asset write-down decision is motivated by the tax consideration.  If the voluntary disclosure firms are in a high tax-bracket the asset write-down could be a vehicle to reduce the tax burden.  Therefore, we expect the sign of ETR to be positive.  We include LABOR variable to control for the labor/capital intensive nature of the sample firms.  The lower the variable is, the higher the capital/ labor intensiveness of the production system of a firm will be.  

The last variable (ASTAGE) is a variable to see whether there is an inherent asset age difference between the two groups.  We expect ASTAGE to be positive sign, because under-performing assets with longer maturity could hinder a firm from handily carrying out the restructuring task more than those with shorter maturity.  EARLY firms have fewer intangibles assets than LATE firms, we expect the sign of ASTAGE (the cost of plant and intangible assets, divided by the total of depreciation and amortization expenses) to be negative because intangible assets generally have a longer useful life.

IV. Empirical Results

Table 3 shows the median financial ratios during the 5-year period centered on the event year for both early and LATE firms.  EARLY firms generally show lower asset turnover ratio, less investments in intangible assets and R&D activities, more investments in plant assets, and a lesser degree of labor intensiveness. With a lower degree of statistical significance, EARLY firms also show higher effective tax rate, higher profitability, greater cash flows from operations, and longer asset age than LATE firms during the 5-year period.  In summary, the results documented in Table 3 are generally consistent with the paper's second and the third hypotheses.

[Insert Table 3]


Panel A of Table 4 provides the evidence of positive normalized cumulative prediction errors  (NCPE)  for two-day and three-day windows for EARLY firms vis-à-vis LATE firms and matched control firms .   If capital market considers the asset write-down disclosure to be value-relevant and expects EARLY firms to experience positive transition through efficiency gains associated with such preemptive managerial actions, positive abnormal returns should result.  Indeed, the NCPE of 0.400 (0.339) with the 1% level of significance for two-day (three-day) window is quite consistent with such expectation and can be strikingly contrasted to 0.226 (0.140) of LATE firms and 0.004 (-0.056) of matched control firms, none of which is statistically significant at any conventional level.  In general, the 56.3 % (54.9%) of EARLY firms show positive normalized cumulative prediction errors for a two-day (three-day) window, and that can be contrasted to the 41.3 % (42.0 %) of matched control firms and the 55.1 % (50.4%) of LATE firms.  The results in Table 4, therefore, are consistent with our first hypothesis that EARLY firms, pursuing productivity efficiency via restructuring efforts, generate more positive market reaction than LATE firms at the disclosure of asset write-down decision.

[Insert Table 4]

Tables 5 and 6 show Spearman’s correlation statistics of the selected variables and their regression results, respectively.  As expected asset write-down (WDMV) has negative correlations with net income before extraordinary items (NIMV), cash flow from operations (CFOMV), and changes in these variables (CHNI and CHCFO).  However, the correlation between asset write-down and 3-day cumulative abnormal returns (CAR3) is positive, but not statistically significant.  

[Insert Table 5]

The signs of all variables are consistent with prediction, except for operating cash flows and in Table 6.
  More specifically, consistent with previous literature (Ball and Brown, 1968 and Beaver, Clarke, and Wright, 1979), NIMV has a positive relationship with CAR3. The coefficient for NIMV is significant at the 10% (5%) level in two-tailed tests with t-statistic of 1.755 (3.933) for the early (late) adopters.  More importantly, the WDMV variable has a positive, significant (insignificant) relationship with CAR3 for the early (late) adopters with a t-statistic of 2.635 (0.811) in two-tailed tests, supporting our first hypothesis that more positive reaction to asset write-down by less efficient firms (EARLY firms) than high-production-efficiency firms (LATE firms). The brief survey of   WSJ Index from 1992 to 1995 shows that about a half of  EARLY firms actually engaged in and reported restructuring events during this period.

Book-to-Market (BTM), a proxy for growth, has a negative, but insignificant relationship with CAR3.  Also, the coefficient for LSIZE is negative, but insignificant.

[Insert Table 6]

The results based on the logit analysis in Table 7 are generally consistent with previous results and our prediction. More specifically, the variables of ROA, RNDA, PPEA, PPECA, INTA, DTA, BTM, ASTTO, and ETR all have predicted sign.  Among these variables, the capital expenditure (PPEA), intangible assets (INTA), and effective tax rate (ETR) are statistically significant at the 5% level, while the variables of RNDA and ASTTO are significant at the 10% level.  As predicted, the early adopters show lower asset turnover ratio (ASTTO) than the LATE firms, confirming that they experience inefficiency in utilizing assets to generate sales.  They write down under-performing assets early and invest in more up-to-date assets as part of restructuring process.  


             Since the enhancement of production efficiency is more directly related to the plant assets than intangible assets, R&D expenses (RNDA) and intangibles (INTA), both deflated by total assets, are negatively associated with the EARLY firms’ asset write-down decisions.  In addition, plant assets (PPEA), deflated by total assets, have positive association with asset write-down decisions because they have more direct relation to firms’ production activities.  The more plant assets they have, the more likely firms write down those assets.   The coefficient estimate and its Wald Chi-Square of ASTAGE variable are –0.0958 and 4.5803, significant at a p-value of 0.03. This confirms our earlier argument that EARLY firms have fewer intangibles assets than LATE firms, the sign of ASTAGE (the cost of plant and intangible assets, divided by the total of depreciation and amortization expenses) expects to be negative because intangible assets generally have a longer useful life.

           Therefore, the empirical evidence in Table 7 is consistent with the second hypothesis that EARLY firms will incur more capital expenditures, acquire less intangible, and exhibit   lower asset turnover ratio and shorter asset age than LATE firms when the voluntary decision of asset write-down is made.  


           We include the effective tax rate (ETR) to see if firms' asset write-down decisions are motivated by the tax consideration.  If the voluntary disclosure firms are in a higher tax-bracket than the control group firms, they may try to use the asset write-down as a vehicle to reduce the tax burden. The sign of  ETR, therefore, is expected to be positive.   As predicted, the coefficient estimate and its Wald Chi-Square of ETR variable are 2.2157 and 5.9713, significant at a p-value of 0.02.   In addition, ROA variable is positive, though insignificant.  ROA variable is adjusted for the amount of asset write-down and thus indicates a pre-write-down amount because the asset write-down decisions are likely based on the pre-write-down rather than   post-write-down amount.   Accordingly, we conclude that EARLY firms exhibit higher profitability, and higher tax-bracket than the late adopters, which confirm our third hypothesis.

[Insert Table 7]

Based on the evidence of lower asset turnover ratio (ASTTO) for EARLY firms than for LATE firms, we conclude that the EARLY firms experience inefficiency in utilizing assets to generate sales.  They write down under-performing assets early and invest in more up-to-date assets as part of restructuring process, increasing the production efficiency.   If this argument is to hold, the EARLY firms should experience negative restructuring expenses in the years to follow after the asset write-down.  The COMPUSTAT variable that includes these expenses is the variable of special items (#17).  The descriptive data for the special items in Table 8 show that the EARLY firms indeed experienced higher restructuring and/or other negative non-recurring expenses in the fiscal years (1996 and 1997) immediately following the year of voluntary asset write-down disclosures.  The difference in the 1996 fiscal year is statistically significant at the 5% level between the early and LATE firms with a t-statistic of –1.95.  In the fiscal year of 1997, the difference between EARLY and LATE firms is statistically insignificant.

[Insert Table 8]

V. Summary and Conclusions

Prior research shows that capital market reacts differently to asset write-downs of firms.    In this study, we examine 47 firms that voluntarily disclosed asset write-down information in either 10-K or ARS   one year prior to the required disclosure year under SFAS 121.   We find the financial characteristics of these firms are consistent with those of lower production efficiency, higher capital investments, lower investments in intangible assets (whether recognized or not), higher tax bracket, and shorter asset age, compared to LATE firms.  Given that the 1990s were characterized by firms' restructuring/down-sizing efforts in order for them to survive technology-driven competition, it is more likely that these voluntary disclosure firms (EARLY firms) that were experiencing deteriorating production efficiency would have acted proactively to streamline their assets.


Consistent with these expectations, we find the following empirical evidence: firstly, EARLY firms, pursuing productivity efficiency via restructuring efforts, bring more positive market reaction than LATE firms at the disclosure of asset write-down decisions, consistent with efficiency enhancement arguments.   This evidence is robust to the choice of an alternative control group that is matched in term of concurrent asset size and industry classification codes.   Secondly, EARLY firms incur more capital expenditures, acquire less intangible, and exhibit lower asset turnover rate and asset age than LATE firms when the voluntary decision of asset write-down is made.  Finally, EARLY firms exhibit higher profitability, and higher effective tax-bracket than LATE firms when the voluntary decision of asset write-down is made.  

In summary, EARLY firms' asset write-down decisions are likely motivated by their willingness to increase expending on new, more productive equipment as part of restructuring efforts and to reduce old, under-performing assets in order to gain production efficiency at the expense of a one-time big loss due to such write-downs. 


Previous studies that have examined the issue of asset write-down cross-sectionally aggregate the sample firms, and thus fail to recognize the different motivation by different management in each situation. In this paper, we enhance the analysis by using a voluntary disclosure sample (EARLY firms), a control sample (LATE firms) which made their first asset write-down disclosures in the beginning fiscal year required under SFAS 121, and another control sample (MATCHED CONTROL), matched with the EARLY firms by size and industry classification codes, which did not make any asset write-down disclosures in either the voluntary year (1995) or the required   year (1996).  We fully acknowledge the limitation in interpreting our multiple-nature of results.  We are unable to discern the confounding aspects of results into specific prediction we made in our hypothesis formulation.  We hope that this paper sheds light on the determinants that motivate firms to voluntarily disclose the asset write-down information in their 10-K reports or annual reports to shareholders one year before the required disclosure under SFAS 121.

REFERENCES

Alexander, G., P. Benson, and  J. Kampmeyer, 1984, Investigating the valuation effects of   

             announcements of voluntary corporate selloffs, Journal  of Finance(39): 503-517

Bartov, E. 1993, The timing of asset sales and earnings manipulations. The Accounting  Review 68(October): 2840-856.

Belsley, D.A., Kuh E., and R. E. Welsch.1980. Regression diagnostics, identifying information                 diagnostics and source of Collin rarity, John Wiley & Sons, New York

Callen J, L., J. Livnat, and S.G. Ryan. 1996. Capital expenditures: Value-relevance and fourth-                  quarter effects. Financial Statement Analysis 1 (Spring): 13-24. 

Christie, A. 1987. On cross-sectional analysis in accounting research. Journal of Accounting and              Economics (9):231-258

DeAngelo, H., L. DeAngelo, and D. Skinner, 1994. Accounting choices for troubled companies.              Journal of Accounting and Economics(17):113-143

Dixit, A., and R.  Pindyck. 1994. The options approach to capital investments, Harvard Business            Review(73):105-115

Elliot, J.A., and W.H. Shaw. 1988. Writeoffs as accounting procedures to manage perceptions. 

           Journal  of Accounting Research 26 (Supplement): 91-119.

Fama, E, and K. French. 1992. The cross-section of expected stock returns. Journal of Finance 47 (June): 427-465.

Francis, J., J.D. Hanna, and L. Vincent. 1996. Causes and effects of discretionary write-offs. Journal of  Accounting Research 34 (Supplement): 117-134.

Francis, J.,  and K. Schipper. 1999. Have Financial Statements Lost Their Relevance? Journal of 

          accounting Research 37 (2): 319-352.

Hite, G., J. Owers, and R. Rogers, 1987. The market for interfirm asset sales:partial sell-offs and            total liquidation, Journal of Financial Economics(18):229-252

John K., and E. Ofek. 1995. Asset sales and increase in focus. Journal of Financial Economics 37  (January): 105-126.

Kanodia C., R. Bushman, and J. Dickhaut. 1989. Escalation errors and the sunk cost effect: An

         explanation based on reputation and information asymmetries. Journal of Accounting

         Research 27 (Spring): 59-77.

Lev, B., and S.R. Thiagarajan. 1993. Fundamental information analysis. Journal of Accounting Research 31 (Autumn): 190-215.

Lintner, J. 1965. The Valuation of Risky Assets and the Selection of Risky Investments in Stock 

            Portfolios and Capital Budgets.  Review of Economics and Statistics, 47, 13-37.

Livnat J., and P. Zarowin. 1990. The incremental information contents of cash-flow components.             Journal of Accounting and Economics (13): 25-46 

Loh, A.L.C and T. Tan, 2002, Asset Write-offs- Managerial incentives and Macroeconomic

factors. Abacus (38):134-151

McConnell, J.J., and C.J. Muscarella. 1985. Corporate capital expenditure decisions and the                    market value of the firm. Journal of Financial Economics 14 (September): 399-422.

Nam, Seunghan, and J. Ronen, 2005, Information transfer effects of Senior Executives’


migrations and subsequent write-offs. Working paper, New York University

Patell, J. M. 1976. Corporate Forecasts of Earnings Per Share and Stock Price Behavior: 

           Empirical Tests.  Journal of Accounting Research, 246-276.

Sharpe, W. 1964. Capital Asset Price: A Theory of Market Equilibrium under Conditions of

 Risk. Journal of Finance, 19, 425-442.

Strong, J.S., and J.R. Meyer. 1987. Asset write-downs: Managerial incentives and security                        returns. Journal of Finance 42 (July): 643-661.

Trueman, B. 1986. The relationship between the level of capital expenditures and firm value.                  Journal of Finance and Quantitative Analysis 21:115-129

Wall Street Journal, Is There Rationale that Can Justify New Economy’s Lofty Stock Prices?,”

March 23, 2000

White, H. 1980. A heteroskedasticity-consistent covariance matrix estimator and a direct test for 

          heteroskedasticity. Econometrica 48 (May): 817-838.

White, G., A Sondhi and D. Fried. 1997. The analysis and use of financial statements, 2nd                        Edition. Wiley, New York.

Woolridge, J. 1988. Competitive decline and corporate restructuring: Is a myopic stock market to blame?    Journal of Applied Corporate Finance 1 (Spring): 26-36.
 TABLE 1

Sample Selection and Industry Composition

____________________________________________________________________________________

Panel A: Sample Selection Procedure                        EARLY(LATE)

Compact Disclosure firms that made voluntary (required)

 Disclosure with respect to SFAS no. 121 in 1995 (1996)

 Fiscal Year                                                  103 (64)  Less:

 Firms neither in COMPUSTAT 99 nor in CRSP99 daily return files

 (Primary, Supplementary, Tertiary, and Full Coverage files)   31 (23)

Less:

 Firms whose 10-K and ARS dates are unavailable in SEC's

 EDGAR data base or from Disclosure Inc.                        8  (0)

Less:

 Firms that do not have financial statement data in

 COMPUSTAT 99 files for the event and previous years           11  (6)

Less:

 Firms that do not have CRSP return data for the estimation 

 and test periods                                               6  (2)

                                                             _________

                      Final Sample                             47 (33)

                                                              (((((((((
Panel B: Industry Composition of the sample firms

              EARLY                                     LATE

 SIC Code      Industry                                                  # of Firms        SIC Code           Industry                
          # of Firms

 01   Agricultural Production-Crops         1       20   Food and Kindred Products   1

 13   Oil and Gas Extraction               11       22   Textile Mill Products       1

 15   General Building Contractors          3       26   Paper and Allied Products   1

 20   Food and Kindred Products             1       27   Printing and Publishing     2

 24   Lumber and Wood Products              1       35   Industrial Mach. & Equip    1

 29   Petroleum and Coal Products           6       36   Electronic & Electric Equip 1

 35   Industrial Machinery and Equipment    1       37   Transportation Equip        1

 44   Water Transportation                  1       38   Instrument & Related Prod.  1

 45   Transportation by Air                 1       42   Trucking and Warehousing    1

 49   Electric, Gas, and Sanitary Services  4       44   Water Transportation        1  50   Wholesale Trade-Durable Goods         1       49   Electric, Gas, and Sanitary 4  51   Wholesale Trade-Nondurable Goods      3       50   Wholesale Trade-Dur. Goods  1 

 57   Furniture and Homefurnishing Stores   1       56   Apparel and Accessory 
     1

 58   Eating and Drinking Places            3       58   Eating and Drinking Places  5

 62   Security and Commodity Brokers        1       59   Miscellaneous Retail        1

 67   Holding and Other Investment Offices  2       62   Security & Commodity Broker 1  70   Hotels and Other Lodging Places       1       63   Insurance Carriers          2

 73   Business Services                     1       64   Insurance Agents & Services 1

 80   Health Services                       3       73   Business Services           3  87   Engineering & Management Services     1       79   Amusement & Recreation Serv.1

                                                    80   Health Services             1                                                     87   Engineering & Manage.Serv   1

                                          ____                                                             Total                47                                       33

                               (((                            ((( 

                         TABLE 2

Summary Statistics and Variable Definitions

Panel A: Summary Statistics (Event Year: 1995)

Variables             N               Mean             Median     Standard Deviation     Minimum        Maximum

EARLY

NIMV        47    -0.106     0.013      0.509        -3.296      0.344

CHNI        47    -0.120    -0.026      0.450        -2.907      0.405

CFOMV       47     0.121     0.130      0.145        -0.316      0.578

CHCFO       47    -0.025    -0.003      0.228        -1.289      0.368

WDMV        47     0.194     0.039      0.547         0.000      2.773

BTM         47     0.566     0.519      0.423        -0.900      1.588

LSIZE       47     6.258     6.282      2.293         0.961     10.477

ROA         47    -0.076     0.010      0.283        -1.639      0.137

DTA         47     0.619     0.665      0.246         0.050      1.344

CAR2        47     0.011     0.007      0.049        -0.118      0.237

CAR3        47     0.020     0.000      0.094        -0.095      0.574

Late (event year: 1996)

CAR2        33     0.002     0.008      0.050        -0.143      0.144

CAR3        33    -0.006    -0.002      0.070        -0.275      0.137

WDMV        33     0.098     0.034      0.162         0.000      0.878

Matched Control

CAR2        47    -0.002    -0.001      0.029        -0.097      0.108

CAR3        47    -0.002    -0.001      0.037        -0.148      0.130

Panel B: Variables Defined (#s in bracket represents Compustat numbers) 

NIMV:
Income Before Extraordinary Items (#18) of  year t divided by

market value of Equity (MV)at year t-1,where t is the event year. 

CHNI:(NIMVt - NIMVt-1) / MV at the beginning of the year t-1.

CFOMV:Net Cash Flow from Operating Activities (# 308) divided by MV

   at the beginning of the year t-1.

CHCFO:CFOt - CFO t-1) / MV at the beginning of the year t-1.

WDMV : Amount of Pre-Tax Asset Write-Down from COMPACT Disclosure 

        divided by MV at the beginning of the year t.

BTM  : Book to Market ratio, Common Equity (#60) 

       divided by MV at the beginning of the year t.

LSIZE: Natural logarithm of MV at the end of the year t.

ROA  : NI / {(ASSETt + ASSETt-1) / 2},(#6).

DTA  : (ASSET - CE)  / ASSETt-1)

CAR2(3): Cumulative Abnormal Return between d{-1} and d{0} (d{+1})

     from market model where d{0} is the earlier date between 10-K or      ARS date.

TABLE 3

Median Financial Ratios of EARLY and LATE Firms a
Variableb                1993                     1994                   1995                    1996                        1997
1.NIMV
    EARLY      0.056       0.051      0.013       0.064        0.060

  LATE       0.046       0.039      0.023       0.031        0.040

             (0.93)      (1.20)    (-0.57)      (2.63)***     (1.23)

2.CHNI
  EARLY      0.017       0.006     -0.026       0.049        0.015

  LATE       0.007       0.006      0.006      -0.028        0.024

             (1.30)      (0.55)    (-2.24)**    (2.92)***     (-1.08)

3.CFOMV

  EARLY      0.143       0.114      0.130       0.131        0.153    

  LATE       0.075       0.085      0.087       0.078        0.096

             (2.75)***    (1.51)     (1.15)      (1.80)*      (3.01)***
4.CHCFO

  EARLY      0.034      -0.006     -0.003       0.028        0.031

  LATE      -0.007       0.014     -0.013       0.014        0.013

             (2.85)***   (-1.21)     (1.02)      (0.63)       (1.68)*
5.BTM

  EARLY      0.545       0.585      0.519       0.420        0.431

  LATE       0.521       0.525      0.559       0.555        0.348

             (0.77)      (1.19)     (0.11)      (1.08)       (1.44)

6.LMV
  EARLY      6.734       6.544      6.282       6.356        6.824  

  LATE       5.474       5.042      5.047       5.376        5.774

             (1.04)      (1.40)     (1.27)      (1.14)       (0.94)

7.ROA  

  EARLY      0.034       0.033      0.010       0.028        0.035 

  LATE       0.041       0.026      0.011       0.012        0.029

             (0.15)      (0.59)    (-0.58)      (1.46)       (0.94)

8.DTA

   EARLY      0.677       0.626      0.665       0.647        0.657 

   LATE       0.568       0.612      0.579       0.622        0.629  

             (1.03)      (0.36)     (1.03)       (0.59)       (0.84)

9.ASTTO

   EARLY      0.816       0.811      0.883       0.828        0.827

   LATE       0.939       1.071      1.107       1.098        1.267

             (-1.25)     (-2.32)**   (-2.06)**    (-2.26)**     (-2.43)**
______________________________________________________________________

a  Some observations are lost due to data availability during the five-year period around the event year.  Specifically, the following number of descriptive data observations is available for each of the five-year period for EARLY (LATE) firms:  43(27) in 1993, 45(30) in 1994, 47(33) in 1995, 47(33) in 1996, and 47(32) in 1997.   Wilcoxon Rank-Sum tests are performed between EARLY and LATE firms. The symbols of *, **, and *** indicate statistical significance levels of 10%, 5%, and 1%, respectively, in two-tailed tests. 

b All variables are defined in Table 2.

TABLE 3 (contined)

Variablec                1993                     1994                   1995                    1996                        1997
10.ASTAGE

   EARLY     18.274      18.740     22.161      18.008       18.619

   LATE      15.666      13.627     12.774      13.864       14.051

             (0.79)      (1.28)     (1.04)      (2.05)**      (2.98)*** 

11.LABOR

   EARLY      0.250       0.231      0.334       0.400        0.329

   LATE       0.122       0.113      0.112       0.130        0.135

             (2.34)**     (1.73)*     (3.00)***    (3.25)***     (2.76)*** 12.PPEA

   EARLY      0.995       1.014      1.012       0.986        0.929

   LATE       0.553       0.609      0.595       0.557        0.577

             (3.14)***    (3.15)***    (2.69)***    (2.54)**      (2.24)** 

13.PPECA
   EARLY      0.087       0.074      0.093       0.062        0.064

   LATE       0.065       0.056      0.060       0.049        0.054

             (1.39)      (1.42)      (1.37)      (0.91)       (1.36)

14.INTA
   EARLY      0.000       0.000      0.000       0.000        0.000

   LATE       0.053       0.061      0.057       0.055        0.048

            (-2.62)***    (-3.16)***   (-3.85)***   (-3.37)***    (-3.93)***
15.ETR

   EARLY      0.338       0.337      0.342       0.329        0.351

   LATE       0.317       0.311      0.309       0.267        0.278

             (1.32)       (1.56)     (1.65)*     (1.10)       (1.39)

16.RNDA
   EARLY      0.002       0.002      0.001       0.002        0.001

   LATE       0.015       0.015      0.014       0.028        0.046  

             (-1.78)*     (-1.85)*    (-1.88)*   (-1.69)*      (-1.51)

____________________________________________________________________

c  DTA = (ASSET - CE)  / ASSET at year t; ASTTO is asset turnover ratio (net sales/average total assets); ASTAGE is asset age (cost of property, plant, and equipment and intangible assets/depreciation & amortization expenses[#14]) (#s in bracket represent Compustat number); LABOR is labor force (net sales/number of employees[#29]); PPEA = Property, plant, and equipment ( #7) divided by total assets; PPECA = PPEC divided by total asset at year t , where PPEC(Property, plant, and equipment - capital expenditures, #30) includes expenditures for capital leases, increase in funds for construction, increase in leaseback transactions, and reclassification of inventory to property, plant, and equipment;   INTA = Intangible Assets ( # 33) divided by total assets; ETR is effective tax rate (tax expense[#16]/pretax income[#170]); and RNDA = R&D Expenses (Item # 46) divided by total assets.  Only the RNDA variable is  presented in mean values and t-statistics rather than median values and z-statistics in order to avoid showing zero medians for the EARLY firms across the sample period.

TABLE 4

Normalized Cumulative Prediction Error (NCPE) Around the SFAS No. 121 Voluntary Disclosure 

____________________________________________________________________________________

Samplea                             NCPEb                         Z-valuec                 Frequency of Positive SPE

____________________________________________________________________________________

Panel A: Two-Day Window (day[-1] thru day[0])

   EARLY        0.400          2.752***          56.3%

   LATE         0.226          1.401            55.1%

   MATCH        0.004          0.027            41.3%

Panel B: Three-Day Window (day[-1] thru day [+1])

   EARLY        0.339          2.335**               54.9%

   LATE         0.140          0.871            50.4%

   MATCH       -0.056         -0.380            42.0%

______________________________________________________________________          

a   Match is another control sample matched with EARLY sample in terms of the COMPUSTAT 2-digit SIC code and asset size.  Day{0} is the event date at which the asset write-down decision based on the SFAS No. 121 is made in annual report or 10-K report, whichever is earlier.

b&c  Normalized Cumulative Prediction Error (NCPE) is computed as:

     NCPEiL =  
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The components of  the NCPE metric and its Z-value are defined in the methodology section. The symbols of *, **, and *** indicate statistical significance levels of 10%, 5%, and 1%, respectively, in two-tailed tests.

TABLE 5

Spearman’s Rank Correlation Coefficients Among Selected Variablesa
____________________________________________________________________________________

Var
      CAR3      NIMV    CHNI   CFOMV    CHCFO    WDMV     BTM
NIMV       -0.048

           (0.75)

CHNI       -0.025     0.740

           (0.86)    (0.00)***
CFOMV       0.038     0.523   0.427

           (0.80)    (0.00)***(0.00)***
CHCFO       0.004     0.354   0.335   0.552

           (0.98)    (0.02)** (0.02)** (0.00) ***
WDMV        0.029    -0.457  -0.539  -0.313   -0.190

           (0.85)    (0.00)***(0.00)***(0.03)** (0.20)

BTM         0.034     0.095   0.028  -0.125   -0.093    0.054

           (0.82)    (0.53)  (0.85)  (0.40)   (0.53)   (0.72)

LSIZE       0.019     0.416   0.313   0.552    0.471   -0.437   0.231        
(0.90)
0.00)*** (0.03)**(0.00)*** (0.00)***(0.00)*** (0.12)

______________________________________________________________________

a P-values are shown in parentheses. The symbols of *, **, and *** indicate statistical significance levels of 10%, 5%, and 1%, respectively, in two-tailed tests.  All variables are defined in Tables 2 &3.

TABLE 6

Regression of CARs on Selected variablesa

Model:  CAR3 = (0 +   (1 NIMV + (2 CHNI + (3 CFOMV + (4  CHCFO + (5 WDMV 

                               + (6  BTM + (7 LSIZE

                                                              EARLY                                                   LATE

                         Predicted        Coefficient                                            Coefficient           

Variables            Sign               Estimate        t (p-value)                      Estimate         t  (p-value)

_____________________________________________________________________

Intercept    ?       0.4862    2.365(0.02)**    0.0000   0.000(1.00)

NIMV         +       0.9865    1.755(0.08)*     2.7420   3.933(0.00)***
CHNI         +       0.5189    0.846(0.40)     -2.0210  -3.786(0.00)***
CFOMV        +      -0.2079   -1.034(0.31)     -0.0790  -0.241(0.81)

CHCFO        +      -0.4973   -1.327(0.19)     -0.0910  -0.347(0.73)

WDMV         +       2.7638    2.635(0.01)***    0.2210   0.811(0.42)                                                           

BTM          -      -0.1793   -0.926(0.36)     -0.1970  -1.225(0.23)

LSIZE        -      -0.0416   -0.223(0.83)     -0.2640  -1.554(0.13)

F-Value:                 2.922**                                    5.098***
R2 (Adj. R2):            36.23%(23.83%)               58.80%(47.27%)

           ___________________________________________________________  

a The symbols of *, **, and *** indicate statistical significance levels of 10%, 5%, and 1%, respectively, in two-tailed tests.   The most extreme 1% values of independent variables are excluded.  White’s (1980) heteroscedasticity-consistent t-statistics are reported.

TABLE 7

Regression of Asset Write-Off on Selected variables
Maximum Likelihood Estimates based on LOGIT

Combined Sample of  Early and LATE firmsa
____________________________________________________________________________________

Log
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= (0 +   (1ROA + (2CFOMV + (3RNDA + (4PPEA + (5PPECA  +  (6INTA +  (7DTA + (8BTM + (9LSIZE + (10ASTTO + (11ETR + (12LABOR + (13ASTAGE 

Variables               Predicted Sign          Coefficient Estimate               Wald Chi-Square (p-value) ______________________________________________________________________

Intercept                     0.1453                0.0071(0.93)

ROA               +           0.0001                0.0008(0.98)

CFOMV             ?          -1.4342                0.2414(0.62)

RNDA              -          -0.0326                3.0661(0.08)*

PPEA              +           2.1480                4.0695(0.04)**

PPECA             +           3.8143                0.5345(0.46)      

INTA              -          -7.1411                4.5504(0.03)**
DTA               +           2.0093                1.3140(0.25)

BTM               +           1.0026                1.6927(0.19)
LSIZE             ?          -0.0932                0.2844(0.59)
ASTTO             -          -1.0295                3.1266(0.07)
ETR               +           2.2157                5.9713(0.02)**
LABOR             ?          -0.0104                0.0816(0.77)

ASTAGE            ?          -0.0958                4.5803(0.03)**                                                    
R2:              49.73%

______________________________________________________________________

a  WDDUM is 1 if a firm belongs to EARLY firms and 0 if the firm belongs to LATE firms.  ROA = NI / {(ASSETt + ASSETt-1) / 2},( #6)(#s in bracket represents Compustat numbers); CFOMV = Net Cash Flow from Operating Activities (# 308) divided by MV at year t-1; RNDA = R&D Expenses (Item # 46) divided by total assets; PPEA = Property, plant, and equipment ( #7) divided by total assets; PPECA = PPEC divided by total asset at year t , where PPEC(Property, plant, and equipment - capital expenditures, #30) includes expenditures for capital leases, increase in funds for construction, increase in leaseback transactions, and reclassification of inventory to property, plant, and equipment;  INTA = Intangible Assets ( # 33) divided by total assets; DTA = (ASSET - CE)  / ASSET; BTM = Book to Market ratio, Common Equity ( #60) divided by MV at year t; LSIZE = Natural logarithm of MV at year t; ASTTO is asset turnover ratio (net sales/average total assets); ETR is effective tax rate (tax expense[#16]/pretax income[#170]);  LABOR is labor force (net sales/number of employees[#29]); and ASTAGE is asset age (cost of property, plant, and equipment and intangible assets/depreciation & amortization expenses[#14]). The symbols of *, **, and *** indicate statistical significance levels of 10%, 5%, and 1%, respectively, in one-tailed tests.   The ROA variable is adjusted for the amount of asset write-down.  That is, the value of the ROA variable indicates the pre-write-down amount.

TABLE 8

Restructuring/Reorganization Activities that Affect Asset Write-Down Decisionsa

____________________________________________________________________________________

                             EARLY                                                         LATE                                      Comparison
                                              Standard                                                        Standard               t-statistics

            Mean       Median    Deviation    N                 Mean      Median   Deviation    N          (p-value)    

____________________________________________________________________________________

Panel A:  Special Items /  Pre-tax Earnings

1993:   0.0294    0.0000      0.5448        34              -0.0019         0.0000      0.3417      31        0.280(0.39)

1994:   0.1334    0.0000      0.8620        37               0.2050          0.0000     0.5373      33      -0.421(0.34)

1995:   0.8251    0.0000      4.7439        42               0.0304          0.0000     1.4167      33        1.029(0.15)  

1996: -0.1199    0.0000       0.1813        27               0.3793         0.0000      0.1765      35      -1.950(0.03)**
1997: -0.5045    0.0000       3.0563        28               0.0513         0.0000      1.2611      24      -0.810(0.21)
___________________________________________________________________________________

a The symbols of *, **, and *** indicate statistical significance levels of 10%, 5%, and 1%, respectively, in one-tailed tests of whether the voluntary disclosure firms (EARLY firms) incur more negative special items than the control  group firms ( LATE firms).  Special items (COMPUSTAT #17) represent unusual or nonrecurring items including items specifically called “Restructuring/Reorganization,” “Special,” or “Non-recurring” regardless of the number of years they are reported.  






�  Asset turnover ratios measure how efficiently firms utilize their assets to generate sales (Kieso & Weygandt, 9th edition, p. 233).


�   Francis et al. (1996) regard such restructuring charges as implicit signals of improved future performance.


�  They employ a sample of 70 firms from Singapore where its GAAP allows firms to mark their assets to market.


�  John and Ofek (1995) examine 321 divestitures of business operating units that are sold for at least one hundred million dollars. It would seem likely that firms take longer to find buyers when such large selling prices are involved, enabling the market to learn more about the problems firms are facing with their investments.


�   Based on the classification of high- and low-tech firms proposed in Francis and Schipper (1999), we find that four of our EARLY firms belong to the low-tech sector, four (six) of our LATE firms belong to high-tech (low-tech) sector.  These data reveal that our firms in both early and late samples can be classified as medium-tech firms.


�   To make sure that our results were not driven by other confounding events such as merger, dividend announcements, gaining of government contracts, etc., we examined the 3-day event period for possible overlapping events.  Only Utilicorp United has a dividend announcement during this period.  The results are qualitatively the same whether or not we include this company in the sample.


�  We experiment with 2-day, 3-day, 5-day cumulative returns (arithmetic sums of  daily abnormal returns, uit) togther with market adjusted returns (sums of daily returns adjusted by  equally-weighted market returns).  Results from other accumulation periods/metrics are qualitatively similar to those based on the three-day cumulative returns reported here.
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